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Abstract

Research background:In the context of constantly changing businessrenment, the financial
sector is focusing on new trends in financial mamagnt systems. Nowadays, there is a need to
achieve long-term financial growth, so financialmagers try to develop new models for manag-
ing and improving the financial performance of Imgsises in economic practice.

Purpose of the article: This article aims to determine the financial parfance of travel agen-
cies by applying modern business performance etralumethods in order to create a perfor-
mance portfolio (ranking) for the years 2013—-20dihsequently to reveal the concordance rate
of order of the selected business entities by coimgapplied financial methods in the context of
performance benchmarking. The research questias fsllows: Does the multidimensional PCA
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method in the form of the performance portfolio tcdvel agencies provide similar financial
results compared to the EVA indicator?

Methods: For measuring the financial performance of busieesthe method of Principal Com-
ponent Analysis (PCA) and the indicator EconomiduéaAdded (EVA) were chosen. Spear-
man’s rank-order correlation was applied in orderelveal the concordance rate of the analyzed
travel agencies.

Findings & Value added: The results indicate that by applying the PCA meéite®key perfor-
mance factors can be identified. Moreover, theifigsl revealed that the assessment of travel
agencies using the PCA method and EVA indicatorrditllead to the same financial results.
Individual financial methods identified a differentmber of strong-performing and inefficient
business entities. In this backdrop, we concludext the business performance measurement
based on the PCA method is not a suitable alte&d measuring performance using the EVA
indicator.

Introduction

The ever-increasing and rising level of competitpressures makes the
process of measuring, evaluating, and continualiyaging the financial
performance necessary for any business interastedreasing its financial
performance. The main business goal used to bemmmEry accounting
profit, but at the moment there is a need to mazeénthe economic added
value for shareholders and quantify business padoce using key per-
formance indicators (value drivers). However, th@seeasing competitive
pressures make managers believe that measuringci@hgperformance
alone will not suffice. Company performance is eodianned with a long-
term perspective (Mihalcowt al, 2017).

The service sector has held the dominant positidhe economy of the
Slovak Republic over the last ten years, in whigbrism also occupies
a significant position. Therefore, we decided tou®on the analysis of the
financial performance of a select sample of Slovakel agencies (TAS),
which significantly contribute not only to the désgment of domestic and
foreign tourism, but also to the development ofiiti®le service sector.

The aim of the article is to analyze the finan@atformance of this
sample of TAs by applying modern business perfooeaassessment
methods to create an average performance porffainking) for the period
2013 to 2017. The intent was to reveal the concwelaate of order in the
financial performance of these business entitiesetbeon two financial
methods in the context of performance.

The article is structured as follows. The firstte@mtincludes the justifi-
cation for the topic’s importance. The second sectiresents the literature
review. The third section contains the researcthotilogy. This section
describes the research sample and question, assviie selected statisti-
cal methods. The next section involves the pretientaf the results. The
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fifth section focuses on the comparison of theifigd with other research
studies. The last section offers a summary of ttiel@ and recommenda-
tions for practice.

Literature review
Theoretical background of business performance

In research business literature, the term “perfoceais understood and
explained in various regards and contexts, depgrmlinthe interest groups
concerned with the issue.

At present, there are significant changes not avithin the perfor-
mance measurement approaches, but also changesnaffperformance
evaluation methods and tools (Sofrankataal, 2017). Increasing com-
petitive environment forces businesses to resplexibfy to rapidly chang-
ing economic conditions and regularly monitor andleate performance
levels. Thus, managers constantly address theiguest how to measure
performance (Soltes & Gavurova, 2015). Simple fai@nndicators cannot
capture the multitude of inputs and outputs, tiesrultivariate nature of
the efficiency phenomenon, thus reducing the usefd of standard finan-
cial ratios (Balcerzak & Pietrzak, 2016). Howewgacik et al. (2019) used
traditional organization's financial indicators mffitability (ROA, ROE)
to determine performance. According to Vochogkaal (2016), it is the
most important to identify the performance criteéhat will reflect the key
factors for business performance growth, becaugenbt possible to de-
termine it with one performance indicator. Milictsky (2015) sees the
main problem in the different perception and evidumaof business per-
formance by various target groups.

According to Hyranelet al (2018), each model of performance meas-
urement and prediction uses different mathemataals, works with dif-
ferent indicators. However, these models also m&ey common charac-
teristics. Authors Kozena and Jelinkova (2014) emspte that the right
choice of performance measurement methods, takiogaiccount company
specifics, can highlight in time the key issues sihdrtcomings that need to
be eliminated and where the business does not itsafthl potential.

97



OeconomiaCopernicanall(l), 95-116

Principal Component Analysis (PCA) and of EconoyWfatue Added (EVA)

The Principal Component Analysis (PCA) is wideged not only in the
financial field. It was developed by Pearson (19@F) a technique from
statistics for simplifying a data set.

Simionescu and Dumitrescu (2018) used PCA meth@dsess business
performance. They quantified the principal finah&&tors to examine the
relationship between company financial performaft€eP) and corporate
social responsibility (CSR). Moreover, using PCAthoel, authors devel-
oped a CSR index and several specific indices R @ractices. By esti-
mating cross-sectional regression models, thedysprovided support for
a positive link between CSR and CFP.

Kocmanoveet al (2017) constructed a composite model that intedra
5 financial (economic) and 14 non-financial perfamoe indicators, which
were determined in a stepwise fashion from a basicof performance
indicators using the principal component analy§i€A) modelling. As
authors reported, this is one of the possible waygeate a tool for meas-
uring and assessing corporate in various aredweofpgerformance.

The Economic Value Added (EVA) was devised by manaent con-
sulting firm Stern Value Management, originally dngorated as Stern
Stewart & Co. The EVA indicator, as the benchmark rheasuring busi-
ness performance, is the subject of many sciertifidies. The identifica-
tion of the EVA indicator application was dealt Bgrenteveet al (2018).
The study showed that the indicator is an appraptaol for quantifying
business performance, as it reflects the objectiVedl key shareholders in
the business and takes into account current ecenoamditions. In the
research study of Zhukovets al. (2017) it was revealed that chaotically
selected key performance indicators (KPIs), inaigdihe EVA, are not
effective unless they are linked to the set goalh® business. To achieve
these goals, the system of indicators should refitecspecifics of the com-
pany's activities.

Another view was given by Santes al (2018), who investigated the
empirical relationship between EVA and revenuegranaince of 178 com-
panies for the period 2010-2015. The Authors peréal Spearman corre-
lation and estimated a regression model with pdate and random effects.
Based on the results, it was possible to obsemntdfitms have shown nega-
tive returns and value destruction for sharehold&rgeak, positive corre-
lation between EVA and returns was confirmed.

The relationship between the EVA indicator and sktected financial
metrics, such as rate of return on invested cagitdés, operating expenses,
share of borrowed capital, share of equity, tax@d pnd assets, was ana-
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lysed also by Fialkovska (2017). The results shotisad only the rate of
return on invested capital has statistically sigaift cause-effect relation-
ship with the EVA indicator among all chosen fastaDther determinant
factors considered in the paper have no influemcE\A.

Important research in the field was carried outSayagaet al. (2015),
who devoted themselves to modifying the methodabéudating the EVA
indicator under the Slovak accounting legislatidhe justification for the
application of modern performance evaluation methadcluding the
EVA, was also emphasized by Malichostaal (2017). The Authors point-
ed out several variants of the calculation of E\micator, defined the
possibilities to apply EVA methods to the condisoof enterprises in the
Slovak Republic and the need to adjust data progifinancial statements.
Although, as reported by Daraban (2017), it iseyaiimplicated to quanti-
fy the EVA indicator correctly, it has been docuteshthat EVA-rated
enterprises have achieved the sustainable perfagriarthe long-term.

Research methodology
Research sample

The research sample consists of 57 TAs operatingerSlovak Republic,
which according to the statistical classificatidneaonomic activities (SK
NACE Review 2) belong to sectidd — Administrative and support ser-
vices, namely to subclass 79120: Travel agencyitied The resulting
research sample was compiled by the TAs listecainld 1.

The sample was selected on the basis of predetednaniteria. All TAs
met the following criteria during the analyzed year
— TAs must have a positive value of equity,
— TAs must achieve profit over the current accounpagod,
— TAs must employ more than 9 employees (micro-eniep),
— TAs must only consist Ltd. or Inc. enterprises.

The input data, in the form of financial statemdntsthe analyzed TAs,
were obtained from the internet portal managedheycompany DataSpot,
Ltd., which manages an overall database of Slousknless entities.

Methods and statistical processing of the data
The performance of the selected sample of TAs wastified by the

Principal Component Analysis (PC#)ethod of. The method is one of the
basic data compression methods — the originalvariables can be repre-
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sented by a smaller number ofi*variables, while retaining a sufficiently
large part of the variability of the original dadat so as not to lose infor-
mation. According to Benasseni (2018), the origifeth extracts character-
istic features and at the same time reduces thergiionality of the set of
multivariate observations, while it remains impattéo preserve as much
as possible of their original variability. This etl does not require the
input variables to have a multidimensional normatribution (Kralet al,
2009). Hebalet al (2007) emphasize the necessary condition forgusia
PCA method — there must be a correlation betweemtiginal variables.
The search for the principal components is asviglo
1. Create a correlation matrix from the input d@taiser-Meyer-OIkin’s
test and Batrtlett’s test of sphericity);
. Quantify the eigenvalues:
— determine the eigenvalues of the correlation matrix
— appoint allocated ratios of the variability assigte the components,
— identify cumulative ratios of variability to detemme how many princi-
pal components need to be taken into account;
3. Select the number of principal components baseitie predefined rule;
4. Determine the correlation coefficients of thengipal components (fac-
tor coordinates of variables);
5. Quantify component weight for individual varies]
6. Graphically display the original variables i ttoordinate system where
the axes are formed from the first two principainpmnents (performance
portfolio or ranking of TAS).
The coefficients and weights of the principal compats are estimated
in the following manner (Hebadt al, 2007):
— the total variability of the principal componentdlwot change — the
variance of the new and original variables equalel

N

a’=1 "

as’ + ap’+ ..+ a;,° = 1, for each i =1;2;...;p

- the independence of the new variables, i.e. thecipal components, is
ensured, i.e:

apap + apdpt ...t 8pap=0 preizj i,j=1,2;...;..p (2)
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— all properties of the principal components are eesg, i.e.:
E(Y)=0

D(Y) = A
3
D(Yl) = D(Yz) = D(Y3) ED(Yp = A]_ZAZZA:-; ZAp

cov (YY) =0, pre i#

The second tool to measure the performance of Thsisted ofEVA
(Economic Value AddedYhe major benefit that the EVA indicator pro-
vides compared to traditional instruments of ecasameasurement is that
it also involves capital costs (Daraban, 2017). ifwkcator, according to
Kollar and Kliestik (2014), tries to faithfully rigict the true economic prof-
it of the enterprise. Its considerable advantage ogular methodology is
the fact that it represents the combination of eaun performance and the
degree of risk that is needed to achieve that pednce.

The method for calculating the EVA has several ffications: the enti-
ty method, the equity method, and the adjustedeptegalue method. In
terms of Slovak legislation, the equity method h& tmost appropriate
method since the adjustment of NOPAT is problematien calculating
EVA by the entity method. The formula takes thddieing form (Sterret
al., 2003):

EVA = (ROE —¢) . E (4)

where:

ROE — Return on Equity,
re — Cost of Equity,

E — Equity.

In calculating ¢ we applied the Global CAPM model (Damodaran,
2012), which is the only theoretically based anabglly well-known val-
uation practice by the method of calculating thecdunt rate of market
valuation. The final cost of own capital is sefakws:
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fe= ri+ R . ERP + CRP (5)

where:

rf — Risk Free Rate of Return,
ERP — Equity Risk Premium,
3 — Beta Coefficient,

CRP — Country Risk Premium.

We adjusted the level of to the conditions of the Slovak business envi-
ronment as much as possible. The level afas quantified on the basis of
10-year Slovak government bonds (NBS, 2019); thel lef ERP and CRP
for the country was taken from the official websifeDamodaran (2019a)
and the values db cvereqa Were recalculated frofynevereq after taking into
account the capital structure of Slovak TAs (Damada2019b). From
several available datasets, the Authors choserséctmtistics for the Eu-
ropean capital market.

In order to determine the concordance rate of cofitine analyzed TAs
performance based on the PCA method and the EVidatal, Spearman's
rank-order correlatiomwas applied in the presented research paper.

Due to the constantly changing business environnmbatAuthors be-
lieve that business performance should be analiyped different financial
points of view, so the following research ques{BQ) is proposed:

RQ: Does the multidimensional method PCA in the fofnthe perfor-
mance portfolio of travel agencies provide simfiaancial results over the
analyzed period compared to the EVA indicator?

All of the statistical analyses were processedguSIRATISTICA 13.1.

Results

Firstly, the performance of selected TAs was qtiaatiusing the PCA
method. The initial information concerning the etation structure of the
research sample was obtained from the implementadfoa correlation
matrix of the selected 29 financial indicators éumerage over the analyzed
period) subsequently entering the PCA. The cowacthatrix confirmed
the existence of statistically significant positiamed negative dependencies
among the indicators. Since the KMO value is gretitan 0.6, we were
able to continue with the testing. Moreover, Baidetest of sphericity, at
the selected significance level £ 5 %), achieved a value of p = 0.0000, so
the PCA method is deemed appropriate.
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The next step was to define the number of prinapaiponents that can
be used to describe the monitored financial indisatin general, the num-
ber of principal components is less than the nurobémput variables. Ta-
ble 2 presents the eigenvalues of the correlatiatrixnand related statis-
tics.

Based on the results, the Authors state that FAcexplains 21.85% of
variability, Factor 2 explains 14.85%, and Fact@xBlains approximately
11.54% of the variability of the original variabldsvery other factor grad-
ually explains the smaller and smaller proportidérvariability that is not
explained by the previous factors. If the Kaisde fig taken into account,
those principal components whose value of the nurshe@reater than 1
would be considered. In this case, the number wofcjgral components
would be 10. If the required rule is used so that principal components
account for at least 70% of the total scatterréselting count would num-
ber 6.

When determining the number of principal componeatsscree plot
may also be applied where the break point is ifledtitaking into account
the principal components in this break (Figurel).

Figure 1 shows that the number of principal comptsevould be 8 and
the break point was 4.0173% of total scatteringmfemntioned in the meth-
odological section of the paper, there are sewsesls to determine the
number of principal components. In this paper, e that the principal
components explain at least 70% of variability vapplied. Based on this
rule, 6 principal components were worked with ia fbllowing part of the
research, which together account for 70.9066%taf t@riance.

The next step of the analysis was to determindatter coordinates of
variables based on the correlation of variable$ vactors after the Vari-
max method rotation. The high absolute value ofcibefficient (the high-
lighted variables) means that this variable is ificantly represented in
this factor (Table 3).

Table 3 shows that all Liquidity ratios and EDRigadors are directly
related to the first component (factor). The secomtponent directly cor-
relates to the most indicators, namely the TLA, DOUC, LRP, and SI.
The third factor achieved positive correlationshwihe DPO and DRO
indicators. The fourth component had shown directetations with NCA,
DIO, TMP, and RS. The fifth component confirmedegative dependency
for RE and RI. The significant positive direct adation of the sixth factor
was quantified with SI and ER. On the contraryrect negative depend-
ence was confirmed for DAR.

Based on the PCA, Component Score figure was dgetiie so-called
performance portfolio of TAs (Figure2). The firstd principal factors
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were applied in the construction of the figure. Tencipal Factor 1 in-
cluded indicators such as QR, CL, TL, and EDR. Pphacipal Factor 2
correlated with TLA, DOC, DUC, LRP, and Sl. Basadthe Component
Score figure, we can monitor the position of thesTas well as their inter-
dependencies. TAs located further away from thedinate system may be
termed as extremes. The position of TAs was deterthby different fi-
nancial indicators in both positive and negativente In this case, it was
TA 14, TA 27, TA 43, and TA 53 (for the numericagignation of TAs,
see Table 1). On the contrary, TAs located as @dgsgossible to the coor-
dinate system can be considered the most typica fgiven industry and
group of monitored objects.

For the compilation of the resulting performancetfotio of the TAs,
the authors analyzed the individual quadrants efchmponent score (Fig-
ure 2). Quadrant A contains TAs that achieved geayd results for Princi-
pal Factor 2 and worse results for Principal Fadton this quadrant, 6
TAs were located in total (TA 3, TA 19, TA 25, TAI3TA 35, and TA
50). In Quadrant B there were 11 TAs (TA 1, TAA I5, TA 18, TA 21,
TA 27, TA 32, TA 38, TA 40, TA 42, and TA 47), whiachieved very
good results for both principal factors. The ComgunScore figure con-
firmed that this quadrant can be considered the bee third Quadrant C,
characterized as the worst due to the worse refultsoth principal fac-
tors, contained up to 30 TAs (TA 2, TA6, TA7, BATA 10, TA 12, TA
16, TA 17, TA 22, TA 23, TA 24, TA 26, TA 28, TA92TA 30, TA 31,
TA 33, TA 37, TA 39, TA 41, TA 45, TA 46, TA 48, TA9, TA 51, TA
52, TA 53, TA 54, TA 55, and TA 57). In Quadrantobthe Component
Score figure, TAs were placed which achieved verydgresults for Princi-
pal Factor 1, but worse results for Principal Fe&tan total there were 10
TAs (TA5, TA9, TA 11, TA 13, TA 14, TA 20, TA 36A 43, TA 44,
and TA 56). In the context of these results, it barstated that in order to
increase performance, TAs should focus primarilyneproving the Princi-
pal Factor 1 and Principal Factor 2 indicators,etgling on which factor
had worse results. For enterprises located in Quéds, where both prin-
cipal factors have been quantified to a very ganetl, the level of perfor-
mance still needs to be maintained.

The second modern tool to evaluate the performah@@s on average
for the years 2013 to 2017 was the EVA indicatdre Tevelopment of the
average value of the EVA for each TA is shown igufFe 3.

Assessing the performance of the analyzed entegpliased on the av-
erage EVA indicator during the analyzed period piasluced many more
positive results than the previous results. Thdopmance of TAs meas-
ured by the EVA indicator ranged from-84,219 to € 1,045,732. Based on
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the results, the authors can conclude that onlerit8rprises (out of 57)
have reached a negative value for the indicatdhénaverage amount of €
—-22,567, which means that the business was not profégable than the
other risk-taking methods of capitalizing. The ma@ason for achieving
a negative EVA value was failing the ROEgxriteria, so the ROE did not
accrue a higher value thag For the abovementioned 13 businesses, this
relationship has not been respected and can tmereéolabeled ineffective.
On the other hand, over the analyzed period, tlvere on average up to 44
TAs that were able to generate added value for tveners (€ 103,450 on
average), which is a sign of a successful andieffidousiness. During the
years 2013-2017, the total average EVA for all Was € 78,784. It is also
clear from Figure 3 that 3 TAs were identified wnitithe benchmarked
sample which, compared to other enterprises, aetisignificantly better
results for the given indicator and can be desdriae the most efficient.
They are TA 04, TA 42, and TA 43. On the contrars that can be con-
sidered as the least efficient businesses are TAQA®S, and TA 10.

In order to meet the main objective and to findthetanswer to the RQ,
Spearman’s rank-order correlation was used. In€el'dblthe authors com-
pare the ranking of individual TAs to their perf@nte in terms of com-
paring these financial instruments.

Based on the results, it can be stated that theiad concordance rate
in performance for TA 1 was quantified. A total 6fTAs (TA 8, TA 13,
TA 24, and TA 54) were identified as having the éstvorder difference
(only 1 ranking). On the contrary, the highest ordiference was identi-
fied for TA 46. According to the results, when caripg the PCA method
and the EVA indicator, it can be stated that thst lperforming and the
worst performing enterprise was not determinedrijle&pearman’s rank-
order correlation achieved a value of 0.3816; whicticates a weak con-
cordance rate of order.

Discussion

The performance of the selected sample of TAs wesntified using the
multi-dimensional PCA method and the EVA indicat®y. comparing the
results, we found non-compliance, indicating tha RQ was not con-
firmed, i.e. that the performance portfolio (rarirof TAs by applying
a multidimensional PCA method does not provide ftidah results in
alignment with the EVA indicator’s performance polib.

The reasons for non-compliance can be found inrakt&cts. The re-
sults can be determined by an insufficient reseaeshple, short assess-
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ment period, but also by the fact that each fir@naiethod or indicator

uses different metrics to assess the performantteeafompany, which can
significantly affect the identified financial ressll However, we take the
view that very different approaches to performagxauation can be bene-
ficial to an enterprise as they provide a differgisiv for assessing perfor-
mance.

By analyzing previous studies, we found that séveuthors dealt with
enterprise performance assessments using the P@#odnand the EVA
indicator, but both methods were never appliechatdame time. The re-
search confirms that no authors dealt with comathrese financial in-
struments. Tungt al. (2009) focused only on PCA in order to evaluate t
financial performance of selected companies. Therten of the principal
components was used by the authors to create al thadallowed them to
monitor changes in financial performance. Li ancidp (2011) quantified
performance through financial indicators, using @A method to select
key indicators. As reported by Jiaaigal. (2018), economic performance is
an important measure of enterprise input and outputhe paper, the au-
thors selected seven financial indicators and coteduan evaluation of the
economic performance of fifteen companies by PCéfréhkovaet al.
(2017) also applied the PCA method to identify Keg indicators of an
enterprise performance. Therefore, we agree wihotinion of those au-
thors who claim that by using this method, it isgible to classify busi-
nesses into performance fields and identify thiearfcial threats. The EVA
indicator as a benchmarking tool was used in thdyspresented by Al
(2018), which considered it as the most suitabl&imé measure perfor-
mance. Guermadt al. (2019) examined the long-term effects of adopting
the EVA indicator and confirmed that EVA adopteedative to non-EVA
adopters, results in an increase of the workingtalapycle. The study re-
sults highlighted that EVA adoption provides mareentives to reduce the
total costs for capital rather than increasing ap@ns and maximizing
shareholder wealth.

Panigrahi (2017) also investigated performance meaent tools and
the wealth relationships of shareholders. The tesudnclusively support
the claim that EVA is a useful metric for interr@aid external performance
assessment. According to Na and Qian (2017), eatehpeise should cre-
ate a comprehensive financial analysis with a foonsquantifying the
EVA, since maximizing this value should be the muiynobjective of the
business’s financial strategy. We are inclinedgrea with the opinions of
the above-mentioned authors and we also considev@das key perfor-
mance indicator.
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Conclusions

The presented research analyses the performarssdented TAs based on
the multidimensional PCA method and at the same tusing the EVA
indicator in order to create an average performamaréolio (ranking) of
enterprises for the period of 2013-2017. The reteans aimed at reveal-
ing the concordance rate of ordén the context of performance bench-
marking for selected enterprises. In summary, #seilts showed that the
best performing TA was TA 42; on the other hane&, Worst performing
was quantified as TA 08. Spearman’s rank-orderetation did not con-
firm an identical concordance rate of order in geeformance rankings,
and we can state that by applying a multidimengiB®@A method the per-
formance portfolio of TAs did not provide identigakults compared to the
EVA indicator.

The article has important theoretical implicatiomke literature review
presents actual issues in this area. It providesed comparison of several
authors’ opinions within the field of enterpriserfoemance evaluation and
the methodological part of the paper comprehengidescribes the chosen
financial methods.

The article also offers useful practical implicasoas well. By applying
the PCA method, 29 interdependent variables (filghmatios) were re-
duced to 6 principal factors (correlation indepenidsomponents), which
together account for up to 70.9066% of total vasérthis will definitely
help in the process of quantifying business perérce. Using factor coor-
dinates, the relevant indicators were assigneddeb éctor, identifying key
performance indicators, which should be prioritizsdfinancial managers
in the future. Finally, it is important to emphasihat the application of the
PCA method and the EVA indicator has made it pdsgib build a perfor-
mance portfolio of TAs and thus to create a peréoroe ranking for the
selected research sample. This performance evahuaiithodology can be
implemented in any business sector and its useful@nic value is usable
in financial practice.

This research has several limitations. The linotatdf this paper is re-
lated to the sample range of the research. Furtiresnthe analyzed period
is short due to lack of data availability. Therefotor future research, it
would be appropriate to focus on analyzing and\apglother economic,
mathematic, and statistical methods to measurepige performance or
efficiency. According to Balcerzadt al. (2017), Data Envelopment Analy-
sis and the Malmquist Index are suitable instrusdnt measuring the
efficiency of various business entities. Gaflbal (2019) recommended
applying the Total Quality Management tool in epiefes in Slovakia in

107



OeconomiaCopernicanall(l), 95-116

achieving business appreciation for its owners simateholders. In addi-
tion, future research could be oriented towards fomencial method and
towards analyzing all TAs in the tourism sector ttee purpose of evaluat-
ing certain economic industry. Moreover, it wouldcabe beneficial to
compare the financial findings with other sectors.
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Annex

Table 1. Overview and numeric designation of the analyzedpmamnies

Abbr. Businessname of travel agency Abbr. Business name of travel agency
TAO01  Aeolus, Ltd. TA30 Jazz Welt)Ltd.

TA02  AGRITOURS Slovakia, Ltd. TA31 JG SPORT AGENCYiltd.
TA03  BOMBOVO, travel agency, Ltd. TA32 KARTAGO TOURS, Inc.
TA04  BUBO travel agency, Ltd. TA33 Koala Tours, Inc.

TAO5  CASSOFIN, Ltd. TA34 LG TRADE, Ltd.

TA06  Travel agency ECOMM, Ltd. TA35 MAGIC Travel, Ltd.

TA07  Travel agency FIFO, Ltd. TA36 Maximum TravelLtd.

TA08  CKAZAD, Ltd. TA 37 MILLENNIUM TRAVEL, Ltd.
TA09  CKEUROTOUR, Ltd. Stropkov TA38 NA DOSAH, Ltd.

TA10  CKFANY, Ltd. TA 39 ONE WORLD TravelLtd.
TA11  CK Sinigko, Ltd.. TA 40 Orex TravelLtd.

TA12 CKTRGOTURS, Ltd. TA41  PEGAS TOURLtd.

TA13  CKM 2000 Travel, Ltd. TA42  Pelicantravel.comtd.

TA 14  CORADO, Ltd. TA43  PHARMAEDUCA, Ltd.

TA15  DERTOUR Slovakia, Ltd. TA 44  Premier Sport Tout,td.

TA16  Desirea, Ltd. TA45 Relaxos/|td.

TA17  DUBTOUR, Ltd. TA46  SATUR TRAVEL, Inc.

TA 18 ETI Slovensko, Ltd. TA47 SENECA TOURS/.td.

TA19  EZOTOUR, Ltd. TA48  SETTOUR SLOVAKIA,Ltd.
TA20  Fantazia dp, Ltd. TA49 SKI TRAVEL-PROEVENTS Ltd.
TA21  FERROTOUR, Inc. TA50  SOLVEX, Ltd.

TA22  FIRO-tour, Ltd. TA51  SUNFLOWERS agency.td.
TA23  GLOBTOUR GROUP, Inc. TA52 TIP travel, Inc.

TA 24 GO Travel Slovakia, Ltd. TA53 Travelco,Ltd.

TA25  Happy Travel.sk, Ltd. TA54 TUI Reise Center Slovenskiag.
TA26  HEPEX - Slovakia, Ltd. TA55 VIP Travel,Ltd.

TA 27 HYDROTOUR, travel agency, Inc. TA56 VIP Travel,Ltd.

TA 28 INCOFF AEROSPACE, Ltd. TA57 VULPES-NR,Ltd.

TA 29 INTERBUS, Ltd.

Table 2. Eigenvalues of correlation matrix

Component

Principal Component Analysis => 29 indicators

Eigenvalues % of Variance Eigenval ues Elgenv_al ues
cumulative cumulative (%)
01 6.3360 21.848 6.3361 21.8484
02 4.3053 14.846 10.6414 36.6943
03 3.3458 11.537 13.9872 48.2316
04 2.4925 8.5950 16.4797 56.8266
05 2.2615 7.7983 18.7413 64.6250
06 1.8217 6.2816 20.5629 70.9066
07 1.5343 5.2906 22.0972 76.1972
08 1.1650 4.0173 23.2622 80.2145
09 1.0701 3.6900 24.3323 83.9045
10 1.0053 3.4667 25.3376 87.3712
11 0.8958 3.0891 26.2335 90.4603




Table 2. Continued

Principal Component Analysis => 29 indicators

Component

Eigenvalues % of Variance Eigenvalues Eigenvalues
cumulative cumulative (%)
12 0.7493 2.5839 26.9828 93.0442
13 0.5890 2.0311 27.5718 95.0752
14 0.3475 1.1984 27.91937 96.2736
15 0.2924 1.0084 28.2118 97.2820
16 0.2491 0.8590 28.4609 98.1410
17 0.1532 0.5284 28.6141 98.6694
18 0.1410 0.4863 28.7552 99.1558
19 0.0909 0.3133 28.8460 99.4691
20 0.0570 0.1965 28.9030 99.6655
21 0.0462 0.1592 28.9492 99.8248
22 0.0329 0.1136 28.9821 99.9383
23 0.0152 0.0525 28.9973 99.9908
24 0.0021 0.0072 28.9994 99.9980
25 0.0005 0.0018 28.9999 99.9998
26 0.0004 0.0002 29.0000 100.0000
27 0.0001 0.0001 29.0000 100.0000
28 0.0000 0.0000 29.0000 100.0000

Source: own processing in STATISTICA software.

Table 3. Factor loadings table

Factor Loadings (factor scores); Extraction: Principal

components;, Method Varimax raw; Marked loadingsare

Indicators >.700000

Factorl Factor2 Factor3 Factor4 Factor5 Factor 6
Quick Ratio (QR) 09799 00257 00249 -00823 00109  0.1045
Current Liquidity (CL) 09752 00654  -0.0181 -0.0760 00139  0.1296
Total Liquidity (TL) 00371 00329 00192 02677 00286 01232
Net Cash (NC) 02026  -0.0444  -0.0272 02156  -0.03500.1429
Cash Assets (CA) 01355 06771 00083 02857  -2.021-0.0129
Net Cash Assets (NCA) 01350 04302  0.0756708221  0.0116  -0.0017
Security Indicator (SI) 02626 02279 00409  0.1767-0.0121  0.8012
?Sg%?ec' outstanding 4 y755 00182 09248 00066  0.0028  0.0299
?E;g) Inv. Outstanding  ; h509  -0.0830 02410 09277  0.0442  0.0015
(th‘gé)'g ay.Outstanding (5085 00g92 08612  -0.0009  -0.0206  -0.3318
(TTul\rA”'f)"er Money Period 4 y166 00365 02004 07545 00590  0.3691
?AS?%S TumoverRatio 5550 01325 05227  -0.1071  0.0865  -0.0910
(TT“[%’V“ OFLTASSElS 1191 07699 -0.1711 -0.0253 00105  -0.0308
?S:;;O'Assem Ratio 1708 00246 00783 -0.1292  -0.0682-0.9383
Equity Ratio (ER) 01728 00246  -0.0783 01292 8D6 09383




Table 3. Continued

Factor Loadings (factor scores); Extraction: Principal

Indicators

components, Method Varimax raw; Marked loadingsare

> 700000
Factor 1 Factor2 Factor3 Factor4 Factor5 Factor 6
(thé’E;O'Eq“'ty Ratio  6gp9  -0.0818 00936  -0.0676 -0.5571  0.0273
(Eé*g% toDebtRatio  (agey 00174 00154 03382 00473  0.1302
?Sgge of Over-Capital. 5g61  (ggga  0.0082 00054 00152  0.1194
(thgge ofUnder-Capit. 5067 09443 00315 00199 00066  0.0246
'(’I‘(t:eF:)eSt Coverage Ratio 359 00260  -0.4900 01422  -0.3490  -0.0254
Interest Load (IL) 0.0197 01416 00724 -0.0416 .0300  0.1570
Loan Indebtedness (L)  -0.2056  0.4193  0.0569  -GB000 0.1435  -0.0042
'(‘If’sg)Repayme”t Period 1635 07219 -01626 -00131 00704  0.0003
Stability Indicator (SI) 0.2031 08820 00079 00652 00219  0.1330
Return on Assets (RA)  -0.0854  0.0215  -0.4897  0.0707-0.0678  0.6388
Return on Equity (RE) ~ -0.0372  -0.0213  0.0159  -04036 -09524  0.0067
Return on Sales (RS) 02123  -00271 -0.21530.8198  -0.01563  0.3786
Return on Costs (RC) 0.1189  -0.0379  -0.4343  051870.1317  0.2436
(RReI;”m onlnvestment 0346  -0.0221  -0.0559  -0.0037 -0.8937  -0.1318
Exploration Variance 4.0682 4.5383 2.82710 3.4880 2.2153 3.4263
Prp. Total 01403 0156493 00975 _ 01203 _ 00764  0.1182
Source: own processing in STATISTICA software
Table 4. Travel agencies performance ranking
Order of TA EVA PCA Order of TA EVA PCA
oL TA 43 TA 27 30. TA44  TA30
02. TA 42 TA21 31 TA39  TA23
03. TA 04 TA 40 32. TA38  TA16
04. TA52 TA 18 33. TA20  TA37
05. TA 56 TA 04 34. TAO6  TA48
06. TA 33 TA32 35. TA37  TAS51
07. TA 46 TA 15 36. TA57  TAS53
08. TA 07 TA 42 37. TA26  TA49
09. TA 27 TA 47 38. TA35  TA41
10. TA 01 TA 01 39. TA40  TA17
11. TA51 TA 38 40. TA53  TAO2
12. TA32 TA 43 41. TA14  TA31
13. TA11 TA 14 42. TAO3  TAO06
14. TA 15 TA 09 43. TA34  TA26
15. TA 13 TA56 44. TA16  TA33
16. TA 36 TA 13 45. TA29  TAS52
17. TA 47 TAL1 46. TA30 TA12
18. TA 22 TA 05 47. TA48  TA22




Table 4. Continued

Order of TA EVA PCA Order of TA EVA PCA
19. TAS55 TA 20 48. TA 19 TA 10
20. TA 17 TA 36 49. TA 24 TA 55
21. TA41 TA 44 50. TA 12 TA 24
22. TA 18 TA 03 51. TA 49 TA 45
23. TA21 TA 25 52. TA 09 TA 57
24. TA 45 TA 34 53. TA 28 TA54
25. TA 23 TA 35 54. TA 54 TA 46
26. TA 31 TA 50 55. TA 10 TA 29
27. TA 02 TA 19 56. TA 08 TA 28
28. TA 25 TA 07 57. TA 05 TA 08
29. TA 50 TA 39

Note: *TA — travel agency

Figure 1. Scree plot
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Source: own processing in STATISTICA software.




Figure 2. Component Score Figure
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Figure 3. Average performance of travel agencies based oB¥eindicator
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